
Leveraging Generative AI in Energy-Focused
Private Equity

Overview

Private equity firms are beginning to harness generative AI as a game-changing technology
across the investment lifecycle. Early adopters in the industry have shown that AI can accel-
erate deal processes, augment decision-making, and unlock new value in portfolio companies.
This report evaluates how a buyout and growth equity firm in the energy sector can leverage
generative AI to enhance its business practices. It provides an overview of relevant AI capa-
bilities, examines potential applications (from deal sourcing to exit), outlines the benefits per
area, addresses key risks, and recommends a strategy for initial adoption including pilot use
cases, talent considerations, and change management.

Overview of Generative AI Capabilities for Private Equity

Generative AI refers to AI models (especially large language models or LLMs) that can produce
new content (text, code, images, etc.) or synthesize insights from vast data. Since the debut
of tools like ChatGPT in late 2022, these models have demonstrated capabilities that go far
beyond earlier analytics. They can understand and generate text, converse in natural language,
write software code, create images, and more. In a private equity context, text-based generative
AI (e.g. GPT-4) is particularly relevant – essentially serving as a “critical reasoning engine”
that can engage in dialogue, draft documents, and scan large stores of unstructured data for
insights.

Key capabilities that can augment private equity workflows include:

Natural Language Processing and Generation

LLMs can read through large volumes of documents (e.g. CIMs, contracts, financial reports)
and produce concise summaries or answers to questions. They can draft text ranging from
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investment memos to legal clauses, maintaining a formal tone or style as needed.

Knowledge Integration

Generative models can combine information from disparate sources and provide insights in
context. For example, an AI copilot could ingest internal research notes, market data, and
prior deal memos to answer an associate’s query or to populate a report. This effectively
makes institutional knowledge instantly accessible across the firm.

Pattern Recognition

While not a spreadsheet calculator, generative AI can still identify trends or anomalies in data
described to it. It can extract key metrics or risk factors from text, highlight correlations, and
even perform basic quantitative reasoning or scenario simulation through language (for more
advanced analytics, it can generate code to run computations).

Content Creation and Customization

AI can generate presentations, emails, and marketing content tailored to a specific audience.
For instance, it could draft a customized pitch deck or teaser by pulling relevant data and
wording it for a particular investor or buyer profile. This creative assistance extends to code
(auto-generating snippets for financial models or data cleaning) and even images/graphics for
reports.

Applications Across the Investment Lifecycle

Deal Sourcing and Origination

Sourcing deals is a resource-intensive process of scanning markets for attractive targets. Gen-
erative AI can dramatically improve both the efficiency and breadth of deal origination:

Target Identification

AI systems can comb through public filings, news articles, industry databases, and even web-
sites to spot companies that meet the firm’s investment criteria. A combination of machine
learning and generative AI can screen thousands of private companies and surface a shortlist
of promising targets far faster than manual methods. In fact, early adopters report up to a
50–60% reduction in time spent on preliminary deal sourcing by leveraging AI to sift data.

2



Automated Research Profiles

Given a potential target, an LLM could quickly gather and summarize key information – recent
growth, business model, competitive positioning, and red flags – from unstructured sources.
This “rapid company research” condenses what might take an analyst days of Googling and
reading into a concise brief generated in minutes.

CRM and Network Mining

Generative AI can also help leverage the firm’s networks. For example, an AI tool could analyze
the firm’s contact logs and LinkedIn data to suggest which partners or industry contacts are
best positioned to provide an introduction to a target’s owner. It can draft personalized
outreach emails to company owners or advisers, adjusting tone and content based on publicly
available information about the recipient.

Market Trend Analysis

On a broader level, AI can continuously monitor industry trends and detect emerging sectors
or technologies that align with the firm’s strategy. By aggregating signals from news, social
media, and reports, a generative AI system highlights investment themes early, giving the
firm a head start in proprietary sourcing. For an energy investor, this could mean spotting
early indicators of a breakthrough in battery technology or a regulatory change favorable to
renewables.

Benefits

In deal sourcing, generative AI primarily delivers speed and scale. It enables the firm to cast
a wider net without proportional increases in team size, thus uncovering more opportunities.
Routine research that used to occupy skilled associates for hours is largely automated, freeing
them to spend time on relationship-building and thesis development. By objectively screening
vast data, AI may also reduce human bias or oversight in identifying targets, potentially
increasing the “hit rate” of investment opportunities.

Due Diligence

Once a target is selected, the due diligence phase generates a deluge of documents and data
to analyze under tight timeframes. Generative AI is particularly suited to digesting large,
unstructured data sets and can augment due diligence in several ways:
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Document Review and Summarization

Diligence often involves reading thousands of pages of confidential information memoranda
(CIMs), financial statements, customer contracts, technical reports, and more. AI document
analysis tools can act as tireless junior analysts that read every page and extract key points or
anomalies. For example, an AI model could quickly find all clauses across dozens of contracts
that pertain to change-of-control penalties, or summarize each customer’s feedback in diligence
interviews. This accelerates the identification of risks and important details that otherwise
might be buried in the data room.

Q&A and Analysis

Rather than skimming PDFs manually, deal teams can ask questions to a chatbot-style AI
that has been fed the diligence materials. For instance: “What were the year-over-year revenue
growth rates in each region, and were there any one-time factors last year?” The AI can pull the
answers from the documents with citations. This not only saves time but also ensures nothing
important is overlooked. According to one tech provider, this approach is akin to having an
“army of infinitely patient associates” who can read everything and highlight anything unusual
for deeper human review.

Financial Modeling Support

Generative AI can assist in building and checking models during diligence. While traditional
modeling is largely numeric, an AI copilot can help by quickly writing Excel formulas or Python
code to implement an analysis the team specifies (e.g. automating the import of historical data
from PDFs into a model, or generating a list of assumptions used across different documents).
It can also translate model outputs into narrative form. For instance, after scenarios are run,
the AI could draft a brief report explaining, “In the downside scenario, EBITDA falls 30% due
to X and Y factors, causing covenant breach in 2026,” pulling those factors from the data.

Risk Identification

By cross-analyzing all inputs, AI may detect patterns that signal risk – perhaps a subtle
inconsistency between the HR roster and payroll expenses, or unusual customer churn hidden in
a footnote. A generative AI copilot can parse financials, legal docs, and compliance records to
identify hidden risks and anomalies that might lead to costly mistakes if missed. Additionally,
AI can automatically fill out standard diligence questionnaires by drawing on the data, ensuring
nothing is skipped.
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Diligence on AI Itself

In today’s context, an interesting new aspect is assessing the target’s own AI readiness. Dili-
gence teams are beginning to evaluate how a target company could be impacted by generative
AI – e.g. could AI disrupt their business model or, conversely, could it unlock efficiencies if
adopted? Leading firms develop AI opportunity/threat scorecards as part of diligence. In
one case, a PE buyer even built a quick prototype AI solution during diligence to test a
value-creation idea, helping prove it out before acquisition.

Benefits

Applied to due diligence, generative AI drives significant efficiency gains and thoroughness.
It can compress weeks of document review into days, surface red flags faster, and reduce
human error from fatigue or information overload. By quickly spotlighting issues, it gives deal
teams more time to investigate critical items in depth, thus improving deal risk management.
Moreover, routine parts of diligence (data extraction, checklist completion) can be automated,
allowing skilled professionals to focus on qualitative judgment and deal structuring. Overall,
this leads to faster deal cycles and more informed investment decisions, a major competitive
edge in time-sensitive deals.

Valuation and Financial Modeling

Valuation and modeling are core to investment decision-making. Generative AI can support
these analytical tasks, although it acts more as an assistant than a replacement for financial
acumen. Key applications include:

Forecasting and Scenario Generation

AI can rapidly generate alternative scenarios or assumptions for models. For example, it might
suggest: “What if oil prices average 20% lower than the base case for the next 3 years?” and
then produce the projected financial outcomes in narrative or tabular form. By tapping vast
data on historical patterns, an AI model could also propose reasonable ranges for key inputs
(like growth rates or margins) based on industry benchmarks. This helps teams explore a
wider range of outcomes and stress-test valuations more thoroughly.

Automated Model Building

While not yet able to build a full LBO model at the click of a button, AI can automate chunks
of the process. Analysts can prompt a code-generating AI to write routines for importing
market data or to check the internal consistency of a model. There are emerging examples of
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AI-driven financial modeling tools that allow users to describe a financial scenario in English
and get a basic model output. This lowers the grunt work of structuring data, so the team can
focus on refining assumptions. One case study noted an AI-assisted valuation that uncovered
hidden asset value and boosted a sale price by 20% after refining the model with AI insights.

Valuation Support

Generative AI can ingest market comps, precedent transactions, and analyst reports to inform
valuation multiples and discount rates. For instance, an AI assistant could quickly summarize
“Recent midstream pipeline deals traded at 8–10x EBITDA with XYZ considerations” from
deal databases and news. It ensures the valuation analysis considers the latest market data.
AI can also continuously update valuations with real-time data feeds, providing dynamic views
rather than static snapshots.

Investment Memos and IC Decks

After the numbers are crunched, generative AI shines in producing clear documentation. It
can draft sections of the investment committee memo, such as the company overview, industry
analysis, or even the valuation discussion, pulling in data from the model and source material.
The AI ensures consistency between the charts and the narrative (units, labels, etc.), and can
create initial versions of visuals. Automating these parts of memo writing not only saves time
but also reduces errors in transcribing data into prose or slides.

Benefits

In valuation and modeling, AI’s biggest benefit is speed and consistency. It helps the deal
team iterate on forecasts and sensitivities much faster, which can improve the quality of the
final model and valuation range. The ability to rapidly test “what-if” scenarios leads to
deeper insight into key value drivers and risks. Generative AI also promotes standardization
– by auto-populating memo templates and analyses, it ensures nothing is omitted and that
all deals are evaluated on comparable grounds. While human judgment remains crucial in
choosing assumptions and interpreting outputs, AI serves as a powerful copilot that handles
repetitive analytical tasks and documentation. This means decisions can be made with more
data-driven confidence and less time spent on manual spreadsheet work.

Portfolio Company Operations and Value Creation

Perhaps the greatest impact of generative AI for a private equity firm will come from deploy-
ing it within portfolio companies to drive value creation. Especially in the energy industry,
which relies heavily on data and technical knowledge, AI offers numerous opportunities to
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improve operations, reduce costs, and even enable new business models. Key application areas
include:

Knowledge Management and Training

Many energy companies have extensive documentation – engineering manuals, maintenance
logs, safety procedures, regulatory compliance filings, etc. Generative AI can turn this trove
of unstructured information into a conversational knowledge base for employees. For example,
a field technician could query an AI assistant (on a rugged tablet) with, “How do I safely
recalibrate turbine X when it shows pressure anomaly Y?” and get an immediate, context-aware
answer pulled from equipment manuals and past incident reports. Mining and industrial firms
can build such AI assistants for maintenance technicians by feeding in libraries of manuals and
work orders. This speeds up troubleshooting and reduces dependence on a few experts – though
importantly, the advice must be verified for accuracy to avoid any dangerous misguidance.

Operational Efficiency and Automation

Generative AI can help streamline various processes in portfolio companies. In back-office
functions (HR, finance, IT), AI copilots (like Microsoft 365 Copilot) can automate report
generation, data entry, and communications, yielding quick productivity wins. In customer
service, energy companies can deploy AI chatbots to handle routine inquiries (for utilities:
billing questions, for gas stations: loyalty programs, etc.), delivering better service and freeing
staff for complex issues. For sales and marketing, AI can generate personalized proposals or
technical whitepapers for clients (for instance, an oilfield services company’s AI could draft a
custom proposal for a client’s drilling project based on historical job data). Across industries,
such uses of generative AI are estimated to potentially impact 40% of work activities – the
energy sector is no exception.

Predictive Maintenance and Safety

Energy assets (like wind turbines, pipelines, refineries) produce massive sensor datasets. Gen-
erative AI, combined with domain models, can analyze these data to predict failures and
suggest maintenance proactively. For example, an AI system could flag an incipient issue in
a wind turbine by recognizing a vibration pattern combination that previously led to blade
cracks. GenAI can parse sensor data and generate “what-if” scenarios to predict equipment
failures with high accuracy before they disrupt operations. This allows portfolio companies to
fix problems during planned downtime rather than reacting to unexpected outages – improving
uptime and reducing maintenance costs. Likewise, AI can simulate emergency scenarios (like
pipeline leaks or well blowouts) to test a facility’s response plans and suggest improvements
for safety protocols.
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Decision Support and Strategy

At a higher level, AI can help management make better strategic decisions. For instance, an
energy portfolio company could use AI to integrate and analyze market trends, regulatory
changes, and competitive intelligence in real time. If a power generation company is consid-
ering investing in a new solar farm, an AI model could rapidly compile local weather pattern
data, forecast energy price trends, and even simulate different site layouts for optimal output.
The result is a data-rich basis for strategic choices. Generative AI can also assist product devel-
opment – e.g. brainstorming new service offerings by analyzing customer feedback and usage
patterns, or even aiding R&D (some oil & gas firms use generative models to propose new
drilling strategies or reservoir optimization techniques by learning from past project data).

Customer Experience Enhancement

Utilities can use GenAI to simulate personalized energy-saving plans for households and com-
municate them in simple language. The upshot is that generative AI can touch virtually
every function of a portfolio company (from operations to product development to customer
engagement).

Benefits

Within portfolio companies, generative AI can drive tangible performance improvements. Stud-
ies estimate around a 6–7% increase in productivity and a 3–4% revenue uplift from adopting
GenAI in business operations. It achieves this through cost reductions (e.g. automating manual
workflows), higher uptime (predictive maintenance), and faster innovation (rapid prototyping
of ideas). One large PE firm found an aggregate EBITDA uplift of ~$460 million across four
portfolio companies by prioritizing high-impact AI use cases. In the energy sector specifically,
AI can improve safety and prevent costly incidents, optimize asset output (increasing revenue),
and streamline compliance with environmental regulations. Notably, integrating cutting-edge
AI can also enhance the exit story for a portfolio company. Buyers value businesses that lever-
age technology effectively; a portfolio company that has implemented AI-driven efficiencies or
AI-enabled products will be more attractive (and potentially command a premium) at exit.

Exit Planning and Communication

When it comes time to monetize investments – whether via sale, IPO, or recapitalization –
generative AI offers tools to maximize success in exit planning and communications:
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Exit Strategy Analysis

AI can help determine the optimal timing and route for exit by crunching market data and
performance forecasts. Generative AI can rapidly model how different exit scenarios might
play out. For example, it can use predictive analytics to forecast market trends and the
company’s projected performance under various conditions, helping pinpoint the best time
window for an exit. It can also analyze potential buyer or investor profiles (using databases
of past M&A transactions) to suggest which type of acquirer might pay the highest multiple.
Machine learning models can assess risks associated with different exit options (e.g. trade sale
vs. IPO) by examining comparable cases.

Automated Valuation and Preparation

During preparation of an exit, AI tools can continuously update the portfolio company’s valu-
ation as new data come in, ensuring the firm has an up-to-date view of value when negotiating.
AI-driven valuation models compile financials, market comps, and transactions to generate
real-time valuation ranges. This augments the investment bankers’ work and gives the PE
firm confidence in its pricing. GenAI can also help management prepare for buyer due dili-
gence – for instance, by drafting answers to anticipated questions and organizing data room
documents. Essentially, it can create a “dry run” of the management presentation and Q&A,
allowing the team to rehearse with an AI simulating an investor’s questions.

Marketing Materials and Narratives

Crafting the equity story for exit is a critical, laborious task. Generative AI can accelerate
the preparation of the Confidential Information Memorandum (CIM), management presen-
tations, and press releases. It can draft narrative sections highlighting the company’s track
record, market opportunities, and AI-enabled improvements, ensuring consistency of message
across all materials. If the investment thesis hinges on the company’s successful AI-driven
transformation, the AI can help articulate that story with data points and compelling lan-
guage. Furthermore, AI can tailor communications to different stakeholders – e.g. creating a
streamlined story for strategic buyers versus a growth narrative for public market investors.

Investor and LP Communication

Although not part of the portfolio company exit per se, the PE firm must communicate with
its limited partners (LPs) and other investors about fund exits and returns. Generative AI
can automate the creation of exit reports and letters to LPs, pulling in the deal’s details and
performance metrics and framing them in a polished narrative. This ensures timely, thorough
updates. It also helps in preparing internal debriefs or case studies of the investment for
knowledge capture.
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Benefits

In exit planning, generative AI contributes to maximizing value and efficiency. By identifying
the best exit timing and structure through data-driven analysis, it helps the firm avoid poor
timing and capitalize on favorable market windows. AI-generated valuation insights and risk
assessments lead to more informed, confident negotiations. Automating the creation of mar-
keting documents speeds up the go-to-market of the sale process (or IPO prep) and produces
high-quality, consistent materials. This not only saves weeks of banker and management time,
but also ensures that the investment’s story is presented in the most compelling way. Bet-
ter storytelling and data-backed arguments can translate into higher bids. Moreover, smooth
communication with stakeholders (buyers, investors, LPs) builds trust and credibility, making
the exit process more likely to succeed.

Risks and Limitations of Generative AI in PE

While generative AI holds great promise, it also comes with significant risks and limitations
that a private equity firm must manage carefully. Key concerns include:

Accuracy and “Hallucinations”

Generative AI models can sometimes produce incorrect or fabricated information in a very
confident manner. For example, an AI might mis-summarize a contract or invent a false
statistic if the prompt is ambiguous. Relying on such output without verification could lead
to flawed decisions. The technology is not 100% reliable for factual accuracy – models lack
true understanding and sometimes “hallucinate” answers. This is especially risky in financial
analysis or legal diligence where precision is vital.

Data Privacy and Security

Using AI often means feeding sensitive data (deal information, company financials, personal
data) into the model. If using third-party AI services, there is a risk of confidential data leakage
or misuse. Firms must ensure that data is handled securely (e.g. via on-premise models or
robust encryption) and in compliance with privacy laws. Even internally, strict access controls
and data governance are needed so that AI does not inadvertently expose information across
teams or portfolio companies. Cybersecurity is crucial, as AI systems themselves could be
targeted by hackers or could be manipulated (prompt injection attacks) to reveal data.
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Regulatory and Compliance Issues

The regulatory environment around AI is evolving. Firms need to be mindful of rules such as
data protection (e.g. GDPR) and sector-specific regulations. For instance, using AI recommen-
dations in investment decisions may eventually face scrutiny regarding accountability. There
is also the risk that AI-generated content could run afoul of compliance – e.g. an AI-written
marketing statement might unintentionally make a forward-looking claim that violates secu-
rities laws. Without proper governance, use of GenAI can create or exacerbate legal risks in
areas like privacy, IP/copyright, and liability. If an AI system is involved in decision-making,
firms must ensure there’s a clear audit trail and human oversight to satisfy regulators and
investors.

Bias and Fairness

Generative AI models learn from historical data which may contain biases. They might, for
example, display bias in evaluating founders or managers (if past data had biases), or in how
they write about companies (using subtly different tone for different demographics). In finance,
a biased model could inadvertently steer investment away from certain sectors or geographies
without merit. PE firms must be alert to AI outputs that may reflect undesired biases and
mitigate them – e.g. through model tuning or simply recognizing and correcting biased advice.
Ensuring the AI is “fair” and non-discriminatory is both an ethical and business concern
(biased analysis can mean missed opportunities).

Lack of Explainability

Many AI models, especially large neural networks, operate as “black boxes” – they don’t
provide reasoning for their outputs. In an industry like private equity, decisions need to be
explained to investment committees, LPs, and regulators. If an AI flags a risk in due diligence
or suggests a particular valuation, the team needs to understand why. The opaque nature of
generative AI can make it hard to trust in high-stakes situations. This underscores the need
for human experts to validate AI findings and for possibly using AI tools that can show source
citations or rationales for their conclusions.

Operational and Talent Challenges

Implementing AI isn’t just a plug-and-play effort. Models may need significant customiza-
tion and training (especially for energy industry specifics or proprietary data). This can be
time-consuming and expensive. There’s also a learning curve – investment professionals must
become adept at using AI (e.g. crafting good prompts, interpreting results). Without the right
talent and training, AI projects could underdeliver. Over-reliance on AI without maintaining
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human expertise is another pitfall; the firm must avoid deskilling its team or losing the nuanced
judgment that seasoned professionals bring.

Model and Vendor Risk

Current generative models are very powerful but controlled by a few vendors, which raises
concerns of dependency. If the underlying model changes (as AI providers update versions) or
pricing for API usage spikes, it could disrupt the firm’s AI-powered workflows. There’s also
the risk of technical glitches or downtime. Hence, firms sometimes prefer to develop in-house
models or at least have contingency plans. Intellectual property is a concern too – content
produced by AI might unknowingly incorporate copyrighted material from its training data,
potentially causing IP infringements if used in published materials.

Cultural and Ethical Concerns

The introduction of AI could face resistance from staff (“Will AI take my job?”) or raise
ethical questions (e.g. about transparency to clients or portfolio companies when AI is used).
Change management is needed to address fear and ensure AI is seen as a tool to augment
professionals, not replace them. Ethically, firms should use AI responsibly – for instance,
avoiding using deepfakes or deceptive AI-generated content in any communications, which
could damage reputation and trust.

Strategic Recommendations for Adoption

Given the opportunities and risks outlined, we recommend a pragmatic, strategic approach for
the firm’s initial adoption of generative AI. The firm is at an early exploration stage, so the
focus should be on building foundations, gaining quick wins, and learning, while aligning with
long-term strategy. Key recommendations:

1. Start with High-Impact Pilot Use Cases

Rather than attempting everything at once, identify a select few use cases to pilot first – ideally
those with clear benefit, manageable risk, and alignment to your strategy. For example:

• Deploy an AI due diligence assistant on one upcoming deal
• Create an internal knowledge chatbot fed with prior deal decks and industry research
• Work with a mid-sized oilfield services portfolio company to implement a maintenance-log

AI assistant
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Set clear success metrics (e.g. time saved, accuracy of AI vs. analyst output) and evaluate
the outcomes. Early success builds momentum and buy-in. Keep pilot scope limited so that
failures are low-risk (fail fast and learn).

2. Invest in Data Infrastructure and Security

Generative AI’s effectiveness hinges on having the right data available. The firm should:

• Strengthen its digital core – consolidate and prepare data that will feed AI solutions
• Compile clean datasets: gather all past deal data, financials, and exit outcomes in a

structured repository
• Ensure necessary technology stack (cloud services, databases, APIs) to support AI tools
• Put in place robust security measures for AI
• Set up a secure sandbox for AI experimentation where sensitive data is protected
• Choose enterprise versions of AI platforms that offer privacy guarantees
• Consider using open-source LLMs hosted in a private cloud for extra control
• Establish protocols for data usage (e.g., prohibit feeding personally identifiable informa-

tion into external AI without approval)

3. Build AI Talent and Culture

To leverage AI fully, the firm needs the right mix of people skills and a receptive culture:

• Educate leadership and staff on AI fundamentals through workshops or training sessions
• Demonstrate practical applications (e.g., show how an LLM summarizes a 100-page

document)
• Identify internal “AI champions” or power users to spearhead pilot projects
• Consider hiring a data scientist or AI engineer (or upskill existing team members)
• Engage domain experts from energy portfolio companies to help tailor AI to industry-

specific needs
• Emphasize AI as augmentation, not replacement
• Provide training for all staff on using AI tools (e.g., effective prompt engineering)
• Reward teams that creatively and successfully use AI in their work

4. Establish Governance and Best Practices

Develop clear policies and frameworks for AI use:

• Set guidelines on which AI tools are approved for use and for what purposes
• Establish how outputs should be validated
• Create protocols for handling errors or incidents
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• Form a Responsible AI Committee including IT, legal/compliance, and investment teams
• Define accountability structures
• Instill practice of reviewing AI outputs rather than blind trust
• Develop change management strategies
• Communicate AI strategy clearly to all employees and portfolio companies
• Plan for scaling successful pilots
• Update standard processes (e.g., due diligence playbooks) to incorporate AI steps
• Allocate budget and resources for broader roll-out
• Engage with external partners and vendors as needed
• Monitor and iterate based on feedback and outcomes

5. Quick Wins and “No Regret” Moves

Implement immediate, low-risk improvements:

• Deploy productivity tools like Microsoft 365 Copilot across the firm
• Enable AI assistance in Office suite for everyday tasks
• Encourage tech teams to use coding assistants for internal tool development
• Start portfolio companies with low-risk AI experiments:

– Marketing departments trying AI content generation
– HR using AI resume screening
– Customer service implementing basic chatbots

Conclusion

The firm should approach generative AI adoption as a strategic journey – beginning with
education and quick wins, advancing through targeted pilots, and eventually scaling up to
firm-wide and portfolio-wide initiatives. By focusing on high-value use cases, investing in the
right talent and data foundations, and rigorously managing risks, the private equity firm can
accelerate its deal workflows and enhance portfolio performance using generative AI.

The energy industry focus provides additional levers (like AI for operational optimization and
safety) that can differentiate the firm’s approach. With strong leadership support and change
management, generative AI can become a key enabler for the firm’s next stage of growth –
improving how deals are sourced and executed, how companies are run, and ultimately how
value is realized at exit.

Embracing this technology thoughtfully and early will help ensure the firm stays ahead of
competitors in an increasingly data- and AI-driven investment landscape.
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